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Table 1. Summary of the types of subject cataloging errors produced by Copilot while cataloging
well-known resources, obscure resources, fabricated resources, and full-text articles.

Well-Known Obscure Fabricated Full-Text
Resources Resources Resources Articles

Total subject headings 92 94 83 91
Inaccurate 6 8 - 3
Non-authorized 27 33 41 46
Overly broad 6 7 - 3
Overly specific 3 6 - 8
Over}lsle'or mis-use of 18 27 1 2%
subdivisions

Redundancy 4 3 -+ 5
Lack of exhaustivity 2 1 - 4

(Holstrom, 2025, p. T)



Table 2. Summary of the types of subject cataloging errors produced by ChatGPT while cataloging

well-known resources, obscure resources, fabricated resources, and full-text articles.

Well-Known Obscure Fabricated Full-Text
Resources Resources Resources Articles

Total subject headings 87 91 T2 90
Inaccurate 3 5 N 4
Non-authorized 22 23 19 24
Overly broad T 2 - 5
Overly specific 2 | - -
Over'us.e'or mis-use of 14 19 12 10
subdivisions

Redundancy 3 3 2 2
Lack of exhaustivity 3 3 - 6

(Holstrom, 2025, p. T)
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Table 3. Summary of the types of cataloging errors produced by Copilot while assigning LCC and
DDC class number and corresponding MARC fields for well-known resources, obscure resources,

fabricated resources, and full-text articles.

Well-Known Obscure Fabricated Full-Text
Resources Resources Resources Articles

Total classes 20 20 20 20
Matches Library of

19 18 = -
Congress catalog
Inaccurate O 0 - 3
Incorrect mapping of 0 0 0 0

class name to notation

MARC syntax
incorrect

Incorrect application of
the Cutter Table™

* Note that Cutter numbers do not always follow the Cutter Table perfectly, so this study
considered reasonable matches to be correct applications of the Cutter Table.

(Holstrom, 2025, p. 11)
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Table 4. Summary of the types of cataloging errors produced by ChatGPT while assigning LCC
and DDC class number and corresponding MARC fields for well-known resources, obscure

resources, fabricated resources., and full-text articles.

Well-Known Obscure Fabricated Full-Text
Resources Resources Resources Articles
Total classes 20 20 20 20
Matches Library of 20 15 _ B
Congress catalog
Inaccurate 0 (0] = 1
Incorrect mapping of o o 0 0

class name to notation

MARC syntax
incorrect

Incorrect application of
the Cutter Table™

(Holstrom, 2025, p. 12)
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ChatGPT | Copilot | Gemini
Correct 5 1 4
Acceptable alternative 1 1 0
Incorrect 17 21 19
Refusal 0 0 0
Final grade 26% 0% 17%
rNo. of valid DDCs 16 14 16
kPercentage valid 70% 61% 70%

(Dobreski & Hastings, 2025, p. 5)
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ChatGPT | Copilot | Gemini

(n=17) | (n=21) | (n=19)
Incorrect topic 5 6 8
DDC number does not exist 2 2 0
DDC number too general 7 12 8
DDC number too specific 1 0 1
Did not follow order rules 2 1 2

(Dobreski & Hastings, 2025, p. 6)
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ChatGPT | Copilot | Gemini

Correct 2 5 1
Close 2 0 0
Acceptable alternative 1 1 0
Incorrect 20 10 29
Refusal 0 0 2
Final grade 20% 24% 4%
Number of valid LCCs 13 13 3
Percentage valid 52% 52% 13%

(Dobreski & Hastings, 2025, p. 6)
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ChatGPT | Copilot | Gemini

(n=20) | (n=19) | (n=22)
Incorrect topic 6 12 11
LCC number does not exist 2 0 8
LCC number too general 6 5 1
LCC number too specific 2 0 0
Provided main class only 3 2 2
Provided number range only 1 0 0

(Dobreski & Hastings, 2025, p. 6)
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ChatGPT | Copilot | Gemini
Correct 21 4 11
Close 5 1 1
Acceptable alternative 1 0 1
Incorrect 29 45 33
Refusal 0 0 4
Final grade 54% 10% 26%

Number of valid LCSHs

18

24

Percentage valid

36%

48%

(Dobreski & Hastings, 2025, p. 7)
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ChatGPT | Copilot | Gemini

(n=23) | (n=45) | (n=33)
Incorrect topic 1 1 2
LCSH does not exist 5 26 19
LCSH too broad 2 o 3
LCSH too narrow 3 1 8
LCSH lacking subdivision 1 § 15 0
Incorrect geographic subdivision 1 0 1

(Dobreski & Hastings, 2025, p. 8)
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Table 1. Accuracy rates of conversions by Al tools with uploaded files.

Built-in Model Custom Dictionary Targeted Refinement
ChatGPT <59% <57% <60%
Copilot <70% <70% <72%
Gemini <83% <81% <83%

Table 2. Accuracy rates of conversions by Al tools with copying-pasting titles.

Built-in Model Custom Dictionary Targeted Refinement
ChatGPT <80% <79% <81%
Copilot <86% <86% <87%
Gemini <87% <87% <88%

(Sun, 2025, pp. 274-275)
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Label Precision Recall F1-Score Support
005 0,99 0,97 0,98 224
065 0,93 0,78 0,85 211
070 0,44 0,91 0,6 196
100 0,96 0,81 0,88 217
230 0,99 0,98 0,98 179
300 0,92 0,98 0,95 191
340 0,95 0,61 0,74 201
365 0,97 0,9 0,93 181
440 0,96 0,78 0,86 197
651 0,81 0,6 0,69 58
690 0,94 0,96 0,95 206
727 0,95 0,99 0,97 207
730 0,99 0,89 0,94 205

Figure: Confusion Matrix for KNN model, K=6 , 13k training

(Zaragoza, Nicolas, & Le Provost, 2022,p.9)
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Label | Precision Recall |F1-Score |Support 180 10,96 0,93 0,95 222
003 10,67 DTN 0,03 114 205 \ 0,5 0,78 \ 0,61 \ 218
005 0,9 0,99 10,94 192 312 \0,82 0,8 \0,81 \ 175
010 ‘0,84 0,69 ‘0,76 ‘ 146 220 ‘0,76 0,59 ‘0,66 ‘ 136
040 [ONSTN OEE— o.18 169 230 0,91 0,94 0,93 203
L 081 L 079 185 273 0,47 0,44 0,45 213
Lt 037 G 0,53 194 300 0,92 0,95 10,94 198
080 0,84 0,81 0,83 199 340 0,67 0,35 0,46 204
100 10,74 0,74 0,74 196 o ) o R e
365 \ 0,96 0,88 \ 0,92 \ 199

410 0,93 0,87 0.9 190

440 \ 0,83 0,62 \ 0,71 \ 213

460 10,76 0,64 10,69 \ 181

470 0,71 0,37 10,49 147

550 \0,92 0,88 \0,9 \ 132

555 0,38 IS 0,14 173

595 10,53 2SI 0,34 201

600 0,97 0,72 10,83 199

. 651 0,61 0,47 0,53 185

B"O7I 47T o O 0.36 10,34 1217

690 \ 0,97 0,86 \ 0,91 \ 237

710 0,88 0,59 0,7 192

727 0,85 OXORNN o.16 198

(Zaragoza, Nicolas, & Le Provost, 20220 0,99 0,88 0,93 210
956 0,88 0,51 0,65 192

bp. I O 1 ) 958 0,82 0,48 0,61 205
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BIBFRAME 4t [§] 2

BIBFRAME Entity-Relationship Graph for 518 & {&

Based on the BIBFRAME Work-Instance model

bf:title

bf:Title —

bf:title

"] mainTitle: ML ]

o | bf:VariantTitle —

bf:Work —
SRS

bf:relation

bf:contribution

e

| mainTitle: AERREE .
: . ‘ bf:Instance —
bfhaslnstance Print instance
editionStatement: PYAR
seriesStatement: & HfERE ; 5-8

] | bfagent | bf-Person — dimensions: 2225
bf:PrimaryContribution Y

bf:provisionActivity

bf:Publication

bf:extent

bf:illustrativeConten

bf:identifiedBy

bf:agent

bf:date

bf:Extent —

t [

|

bfiplace /| bf:Place —
4 Bt

bf:Organization —
&t

Literal node —
date: 2003€92

Aff

L 5 Dbfllustration —

. WoEN

bfirole | bf:Role —
author (aut)

bf:associatedResource

bf:identifiedBy

bf:Series —
EMERE

bf:Relation —
hasSeries

bf:identifiedBy

bf:seriesEnumeration v Bt

bf:identifiedBy

bf:Title —
mainTitle: £FEERE

| Literal node —
[ seriesEnumeration: 5-8

Work is distinguished from its published Instance.

Chinese source data mapped to BIBFRAME classes and properties.

> bf:lsbn —
9573249707
> bf:Isbn —
9573249715
> bf:Isbn —
9573249723
> bf:lsbn —
9573249731

bf:identifiedBy &l bf:lsbn —
"| 9573249758
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